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Types of Data Analysis

Associative

AMUA SDYAL

dnnay dau T-test Correlation Regression
l.ﬁmmummgg'm Ho: no linear relationship bet Two variables Ho: all coeff. =0
A2741LYUsUsIU Mean Mean Ha: there is linear relationship bet two Ha: at least one coif.!I= 0
variables
Independent t-test * Correlation does not imply causation
Ho: mean G1 = mean G2 .
Ha: mean G1 != mean G2 Path AnaIyS|s

One-way ANOVA Crosstabulation
Ho: no relationship bet Two variables Stru Ctu ral

@ Ha: there is relationship bet two variables ECI UatIO n
Chi-square test

L[]
Mean Mean Mean l I IOdelllng
Post Hoc Comparisons One-way ANOVA (S E M )
Ho: two groups mean equal Ho: all group means equal

Ha: two groups mean not equal Ha: at least one group different
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Family tree of SEM

> Multi-way Repeated
o g ilove i

Is the difference between samples on a
variables significant?

Growth curve
analysis

Bivariate
correlation

Structural Equation

Multlp.le Path analysis
regression i \
modelling

Is the correlation between
different variables significant?
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FRFUNUS VS FUA1S000DY

ARAUNUS (Correlation)

AsanaagnnAas (Multiple Regression)
QU

o WWumsiaanusuWussIn (Co-variation) 5e131967
wUsaneAl las lildustiirniansaanudume iy
W& (Symmetry) ANaARaUARSUSEINg9INALUSYINaB
wanum Wlufiemadisndu (UIn) nianseinuiy
(AU) LLazAINNLLTLLASNYDNAMUTUNLELYINTIL

Correlation

Attitudes H Behaviour

o WUMTILATITAANUTUAUSIBUAA NG DENY 11A7
sy (Predictor/Independent Variables)
NA1YA 10150 YINUYALLUTANY
(Outcome/Dependent Variable) liWyeaaLAy2
(Model Simplicity) agnslsAsu Asanass llause
TATIZALATIFNANUNFUNUSNTUTDU %5 BNEna
19993 (Indirect Effect) NTaLLUsaNH1Y
(Mediator) ldaghefivseBnSninyin Path Analysis

Multiple regression

Attitudes
> Behaviour
Subjective norms
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MAFNNISANaLE Path Analysis

QU k2

- Path Analysis gaW@ITNINRIANSAY ANNFNNUSITnaNaridudan (Complex Causal Relationships) ¥
AuAITaAnRYNWHAN UaU1TaTn (A

- Path Analysis ayey1a#:

1L audseny (Dependent Variable) Tuannsuie aunsanatgdu daudsvinung (Predictor/Independent
Variable) Tuaunisen (s

0. #u1saneaaun1saeEiudnsna (Mediation) meluluwatdun (fagradussuy

Path analysis Path analysis
LWUUAFANILEL? LUUFADINANIY
(Recursive model) (Non-Recursive model)
Attitudes

Attitudes

Intention Behaviour

Intention =—» Behaviour

Subjective Subjective
norms norms
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Path Analysis

.+ A2lad1AYYDY Path Analysis Aansasianaznsnagaulimangus) (Theoretical Model) lagpdunannis

YPILLUUINADIENNNTLATIESIN (Structural Equation Modelling - SEM) w# Path Analysis aglfiawie dauds

Funald (Observed Variables) winsiu (upadl SEM sudsues (Latent Variables) Saududaudsdans

(6)

Attitudes

Subjective
norms

Perceived
behavioural control

SEM

Path analysis

Intention =—» Behaviour

v
_

A Path Diagram Showing Specified
Hypothesized Structural Relationships
and Measurement Specification
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Ny1ULaINgUsTANA

QU

. §lg11: Path Analysis uwmafians3esieiiivlsunadlilunisneaasy anudanaans (Fit) 5zwj'mimmal,i°iwaw§]“s§ 5
Anualy Audayaiialseansnsiusuld laefifngUssaednaniie:
1 Uszanaadulsendidunie (Path Coefficients): lWaUBAINIALAZANNEIAEYUDIANNAUWUSLEILIG LLAZNA

2. LWYADNEWA: LB LLYALLYZLLAZANID BNEwani1ease (Direct Effect), BndSwan19aay (Indirect Effect), LLag

andwasau (Total Effect)
3. Yszdinenunanndupeasluima (Model Fit): Lﬁa@fiﬂm@amwﬁﬁa ﬁﬂﬁuaﬁmwsaa%mymmﬁmﬁuﬁuﬁ’amﬂafcfia%iw
igale
 9ALANYDY Path analysis
- il laanuduiusiBeanng sendtedanlsnatssansaudy sy Path Diagram
= thgvhanudilanalnnisaeeudnswaniu Mediator (§ausaunans)

s @131150736A512% Direct Effect (BvBwani19msa) waz Indirect Effect (Bndwani199ad) [ANSDuY
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D9AUTELADUUDILLNUAIWLENNS (Path Diagram)

. Heyanwelfld:
o FMBURANRT (Rectangle/Square): Wnu Ftkis Variance

FaLnmle (Observed/Measured Variables) Covariance Residual error

s 29naY/295 (Circle/Oval): Ln AMUARIALAGDY \ Attitude \'
(Error Term) %52 @1LlUsuils (Latent Variables)
(lunseiuae Path Analysis a2lfuny AuAaIA (\

LABDY iJB\‘I(ff’JLL‘]JSGI"IﬁJLWlﬁu) LLEANEN A1AN Norms Intention Behavior
wUsUsaufiligrasunglagdandsdudug Tuluiaa. ,

e e

v
v

o gﬂﬁslﬁ'm (Single-headed Arrow =): Ll _ .
ANNFUNUSIBIANG (Causal Relationship) #52 Control \ Observed (Manifest) Variable

15wa (Influence) @nAqLUsaRlUgaaLLUsAY) Directional Relation (Path)

> anasa (Double-headed Arrow ©): unu
ARFUNUS (Correlation) ¥#5D AMNTUNWLSSIN (Co-
variation) (52#319617LLUTAY HIDTLHINNAIU

ARIALARDI) AADYTINLLNHRATWEFUNIN
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19NN UALTDIAUYDINTSLY Path Analysis

- Assumption of Causality: fip9fiNUFIUNMEBETDTUANUTUN NS TUAANaAAUA [T

« Model Identification: mmuwwamLmasmmmsﬂswmmm@wmmfﬂmﬂmwmmuuaua‘ﬂmmsammmf@
Q’]ﬂLﬂJ%Sﬂ?ﬁﬁﬁﬂﬁquﬁ/ﬂ’ﬂﬁJLL‘]JS‘]JS’J‘L!TJ?J (Covariance Matrix) (I Path Analysis mui%m%aﬂm%umimﬂu
Just-ldentified %58 Over-ldentified T@%.Jamiummﬂm%u@amﬁaﬂmm)

- Normality and Linearity: fayamnisiinisuwanaelndidsednd wazAnudFuussendnedlusasiduluy
LA (uam%u@mmummmm@mmmsiﬁ Maximum Likelihood Estimation {1 AMOS)

- No Multicollinearity: Independent variables are not highly correlated.

- Causal Order: Correct specification of causal relationships.
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A5TUaNBMLRANIZLLULAS (Model Identification)

ANSASI9FDUA NS IRNIZR lULAaR TR {Ula AT LA g2

1. easzunaf (just-identified model) AsafiumsAauiAs sz AW Ines ey
9q % a o = a =
fnwaiziawzyeslueafidesnis@s TunaszylAunwef

e UTULEATUNIZATIIUIRFUAISAAI LIV AUTIUINNIS T O DT (3] (over-identified model) ?Narmﬁﬂwg’;ﬁm?@mﬂm
99185 (degree of freedom) T@ﬂ?ﬁgmmmmm

NIIUANLIULAS baTATFINNTOUTLUNUAINITITLEADS (6 LN 9ATLR 7 p9ABasy (Schumacker & Lomax, 2010)
F1USUWI51TLADST [Hns1u@A1waazaa (df = 0)

df = !N * N+ 1] — Number of parameter estimation
2. lanaseylAuwad (over-identified model)
: : : 1o Df @p A199eBasy (degree of freedom)
L TJUUe AT WA LINFUAISAAINIUINAINFIRIUNIS TR D57 (4 N & sruausudsdanaldioruafitdlunsUssunes
nswanTuluea (parameter AIulUld wnnndn parameter ALAATY WS TLADS
959) LLAZATF1UNITAUTTUIAINISITLADS (A LRY9A1ILR YT §19150 én
w1 Tnaslinsudusiazea (df > 0) [ 1 df > 0 usavi Tuwaasziyfuwad (over-identified model)

2

) df = O Laaein Tmﬂaszq‘waﬁ (just-identified model)
3) df < 0 wamedn laueaszylinwed (under-identified model)

3. Wnaszylined (under-identified model)

- DRI LA RN INNIEA TN HIUFUAITN AN LI D YA UIUNITT LA DS
lns1uatulutna ez lua1usaUszuIadaInIs e DS (e LN geAn Kilne. 2005. Structural Equation Modeling. The Guilford Press.
. e e ey . Second edition. p.170.
LB FINSUNITTLADTA [N keazda (df < 0) econd edrtion. p
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29819 Overidentified model

X1 1.00

X1
X2 v 1.00
X3 34 .35 1.00
X3 X4
X4 20 15 .66 1.00
X2

PNuINAILYsTAR LS = 4 (X1, X2, X3 and X4)

$119% parameter IuTUTS = ¥4(4*5)=10 . 3 |
AMUIU parameter NEIUTEUIUAN =T

df=10-7=3>0
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A5STUANBMELRANIZYNLULAS (Model Identification) (s)

ANSWa158LN model identification Ag

1

parameter a9 LULAaNFS19TULNHUTAAD

!
QU

2. parameter Adu(Ulaannlumanas1nwin

ARUANNA
INSNa \\\\\\\\\
A | AsAILAN | el
L B9 1 @29

\\\ NAUAR

e

®

1. AN5RINTUT parameter U199 LULARTIHSY

FIDE1NAITIATIZALNUNIWLTUNINAT 5 AautsdeLne 6

1) WWUNNANUTUNUS 7 LFRANUFUNUS => parameter 7
A

2)  ANULUTUTIUDDIAILUIAU 4 §7 => parameter 4 617

3) ANMULYUTUTIUDDIAILUTHAN 1 62 => parameter 1 617

521U parameter 5197 + 4 +1=12 69

2. Ae5aun parameter AlulyldnnTanafiadieaiuga

parameter

N * (N _|_1)/2 S N @9 sausudsdanaléneruadlilunig
YFLUIUAIMNITITHLEI DS

1nges N=5 Aruledle 5%(5+1)/2 = 15 parameters

Aedu df = 15 — 12 = 5 > 0 1Iulumanssytiuwes
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298149 Just-ldentified model

X1 1.00 f%"mumm"l =1 uan
16p9UsTHNAT
. . X1 G
X2 44 1.00 Tsirfuidu parameter
x3 34 35 1 OO Adavlszunaens
PuIUeLUsFAa (e = 3 (X1, X2, X3)
l X3 h
911K parameter AulUls = 14(3*4)=6
Note:
. Luaﬁmnmmmmu%\mﬂ%ammmau?umsmmm parameter Afululs Wavihais 9
AATIALAD @1 model fit (Usng flasaniinjust-identification X -
e 8% CFATu 1 Latent msmamﬁuaﬂ 4 Observed ial#iunsel over-identification
ey wid ulunafineasuiudnany Lat t BgILa7 finaslainulayd aundiesin o o cd o .
st aa tiEas € 9% df = O aten FIUIUNISIHLADINADIUSTUIUAT = 6
. ﬂmmu%m@nuﬂmmLm%mmu Path Analysis (Cd4 Full SEM) Lu’é]\‘imﬂ‘ﬁa’lﬂﬂi\‘i df=6-6=0

MFAATIZALUY Path Analysis 9sviamsingnsainadumeifiiuluieg wasdia
winsiu A df = O Yuf tws1zlemad parameter avvmmuf@uu aﬂmmﬁwmﬂsm
wuALd nadusanaTunaazliaan wioeanu 0 u 1 Feudanulald
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298149 Just-ldentified model

N+1 1. AN5Wa15N parameter Ua9lULAATIASY

df = [N * ] — Number of parameter estimation

AIDEINAITILATIZALNUATWLEUNINAT 5 AautsdeLne l6

QU

1) LFUNINANUTUNUS 7 LFRANUTUNUS => parameter 7 62

e
2)  LEUNINAINUFUNUSTZHINNANULLUTUTIN 3 LFUANUFUNUS

ﬂamﬂuﬁﬁ => parameter 3 ¢7

BNDNS 3) ANULUTUTIUYDIAILUTAU 4 67 => parameter 4 617
€ @ 4)  @NULYUSUTIUUDIAILUSAK 1 @79 => parameter 1 612
A AMSAIUAN JLTU parameter Nae 7+ 3+ 4 +1=15 @
g Pl J Aausaly | S
bHBAU —x 2. Wa1seun parameter Ndu U isanluimafnasieiuiin parameter
N 0 >

1nges N=5 auaaila 5%(5+1)/2 = 15 parameters

N
\ o a / ﬁ\‘iﬁ?u df =15 — 15 = 0 i1 Just-ldentified model
NEAUAR

Result (Default model)

\4

\ 4

e The model is probably unidentified. In order to achieve identifiability, it will
probably be necessary to impose 1 additional constraint.
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29819 under-identified model

X1  1.00 1 X1 —
X2 44 100

X2 e

MuIUAILUsFILAR (e = 2 (X1, X2)

ININTBYA = 15(2%3)=3 PIUIUNITIHLHDSNEDIUSLHIMNAT = 4

df=3—4=-1<0
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1299179 under-ldentified model

N+1 1. AN5Wa15N parameter Ua9lULAATIASY

df = [N * ] — Number of parameter estimation

AIDEINAITILATIZALNUATWLEUNINAT 5 AautsdeLne l6

X

1) LFUNINANUTUNUS S LFUANUFUNUS => parameter 8 67

e U QU =¥ o U 2 QU v o
2)  LEUNINANMUFUNRSTLHINNANULLYUTUIIH 3 LFRANMUTUNUD
ﬂajﬂ.lﬂu‘ﬁfl => parameter 3 ¢7
NSWa 3) ANULUTUTIUYDIAILUTAU 4 67 => parameter 4 617
e l @ 4)  @NULYUSUTIUUDIAILUSAK 1 @79 => parameter 1 612
593191 parameter ig$19 8 + 3+ 4 + 1 =16 &
AANY | ANsAILAN | ol )
\BaNU 1 @e9 2. Wa1saun parameter Mdudisanluimanasieiuiin parameter
N i . ..
/ MAgAs N=5 Audedle 5%(5+1)/2 = 15 parameters
\ SAuAs faHu df = 15 — 16 = -1 1% under-identified model Yseunauan (3ila
Result (Default model)

The model is probably unidentified. In order to achieve identifiability, it will
€ probably be necessary to impose 1 additional constraint.
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NSRS NTDYALTDIANTN SPSS

. A5ATINFDVANAIWIDUATN SPSS

[m]

A1alA# (Outliers): NsszyardnnsiuipyaiiaUn@ (Univariate and Multivariate Outliers) 1
157 Box Plot TuAnsas19aaua1Lien nsansida Mahalanobis Distance un1snsaasaudmyg

AsuanLaLluVUné (Normality):

[

- Univariate Normality: @599890A1 Skewness waz Kurtosis (snaurinafU{dad5iAu + 3 %59 + 10 Tuayfiy
ULUIAFHIDY)

- Multivariate Normality: \JuipauufigiuiidnAsyannsy SEM/Path Analysis nMsnasauaiy Mardia's test
114 AMOS (nassinintiaya) azdianuusing1ndn

ANUDULEUASY (Linearity): 59980 UANUTUN NS UATTENIeaLlTABn1Twanans W Scatter
Plot

m'wé’ama"umsﬁwaﬁ (Multicollinearity): asyasau3163LLUsvIwg (Predictors) luagun1saenaud
ANUFUNUSAugaAnlUniall laag¥ial Tolerance (20.1) waz VIF (Variance Inflation Factor) (< 10) Tu
A53LATIERnRapaWrAMIL SPSS mallllaym azdunadaanuafivsyaennsuseanaenly Path Analysis
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Model fit

.« MSLUANAAT ANUAANNFUYDSIULAR (Model Fit) Wuiusauiidndayigalunsiesiesd Path Analysis (139

SEM) iilpsanatdunisuszisiug eatgangws (Theoretical Model)' ﬁ@’"gwa%’wﬁuﬁu 1115995 U1Y
TAs9as19muFUWuSAwy Ty 'finyaibelszans (Empirical Data)" (FfAzla

. Path Analysis asUszifinanunanndulagnsiseuifisumninganuulsUsiusiudidana s NTDUAIFY
AU wnsnganuLlsUsIusINiiluaa1anIsel ﬁﬁamsumymmLLazLmemiJgjﬁaiumiLmamam Model Fit

[N RHEGEoliny lak

1 dyidinanunaundusuysel (Absolute Fit Indices)

-2

2. AuHIRANUAINARULENUTERIR (Parsimony Fit Indices)

3. euidaANUNaNNRRLENYSYUWIYY (Incremental Fit Indices)
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1) mjmﬂm'maaﬂﬂaaﬁﬂauﬂammammm
(Absolute fit index)

A1 A1 Ideal
Threshold
value
198 LAFLLATT Chi-square P-value > .05  Overall model fit
A lAaLAISTURNTS CMIN/df c?/df 3.00 (even <5)  wuudapsllmnuaanAapInannauiuipyaigelseany
o o - ) U511 wUsUsIHLaZANN LUSUTINs 1 TiaSue [d @ g
HHUIAAIMNANAIAU Goodness of Fit Index GFl > 0.90 .
LULUFNADY
AuHIaANUNaNAANrIUsULA  Adjusted Goodness of Fit AGE] 5 0.90 USU1a@NULUSUTIRLaZAN LY SUSINTINTD S L8 (Feag
lyLLan Index ' LUUFNARIUSULLARAIYD9ANIANULTUD a5
SNfaeuasAmayfindedas  Standardized Root mean . . o o s - o o
. o i SRMR < 0.05 LUUINADIFTDAAADINANNAUNVUT DN LTIUTE N
UDNFIULAADUINTIIU square residual g
PpilsInAigeeweeA1IRAYANN  Root Mean Square Error  RMSEA <0.08 < 0.05 LaAeI LUUIaBNEBAARDINANNARAUTDYALES
AANALARDUANANTDIUDIANS  of Approximation Us2anBA
JT2U8UAT 0.05< X < 0.08 Ld@m991 LUUINADNADUINNADAAADINANNAL

Audayaldedsedny

0.08 &4 0.10 UaAYI LUUIaBIFBAAADINANNARAUTDYALES
Useanuianiay

> 0.10 waaedn wuyaasedeliannadnsnaunfuiuioyaids
Uszansd
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2) ABHAMUAAUNAULLVULNNLAN (Incremental fit index)
99 ABHAINNNANNFULEILUTBULNYY (Comparative Fit Index)

Meaning: Relative model location of the model between the independence and saturated model

QU

(137] Ideal Threshold AMURUY
value

LUUNADIHNANUTDAAFDINANAAULEY
Comparative Fit Index CFI > 0.95 FUNNS HHAD LWaa9Iluainu
FAAaDINUTDYALBIUSEINY

ABRIAAINUTDAARDY
ARUARULBIFUWNS

Modified NFI model enabling model

Tucker Lewis index TLI >0.90 o . .
examination with smaller sample size

Relative model location of the model
Normal fit index NFI >0.90 between the independence and
saturated model

>0.90 Adjusted NFI model for sample size

Incremental fit index IFI and degree of freedom
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3) auHIRANUNANNARLTIUSEREM (Parsimonious fit index)

These measures should be used in sync with absolute and relative fit measures. Although no specific
cut-off values are suggested, 0.5 is usually considered to be good enough (Hooper et al., 2008)

A1 Ideal Threshold
value
Modified GFI model wherein
Parsimony goodness of fit index PGFI >0.50 loss of a degree of freedom is
considered
Modified CFI model wherein
Parsimony comparative fit index PCFI >0.50 loss of a degree of freedom is
considered
LEAUHANULYTUTIN LA
Parsimony normed fit index PNFI >0.50 ﬂ”J’mLlﬂJ‘ij}S’JEﬁfﬂJﬂBSUlﬂZ@@’JH
TR AT USULARIYANNTUT DU

UpNlULAS



22
Model fit index

£
[=]

AITSIENUALHINAHDE19DY 3-5 A1 LALLEDANATNFINAGN LNDILEAIANUAANAANLDILULAADEINATDUARY

LYY
Index QGHLE LA ANEDIN Lﬂmﬁﬁﬁaaﬂ Note
NAUNARA AAUARRANIN
(Acceptable Fit) (Good Fit)
x2 (p value) Absolute Fit p>0.05 p>0.05 (Lmuvamﬂﬂ AN szmmf'm\maum@ma%m mﬂmmmam\ﬂ%mmﬂ
1529 N) > 200 @ szﬂ% Hlyd1Atyneddia (p < 0.05) 1ag
6 LUTF LLm'l'IaJL@a%mmwmamaumium@gm
(Practical Fit) fass y2ieldaastiidudufidnfuiiyesie
LAY
x2/df Absolute Fit <3.0 <2.0 U19LnaeB9B e pusgegad 5.0
RMSEA Parsimony Fit  0.05<RMSEA<0.08 <0.05 msswmmﬁ'wmmlﬁaﬁu $90\%$ (Confidence Interval)
189 RMSEA 678 liNpAANNINAIIDIN1TU ST 8RN
SRMR Parsimony Fit <0.08 <0.05 ArfidndUsiindrunisdtey waslumafianunaundud
AN
CFI Incremental >0.90 >0.95 Afiinlng $1.0$ waasiennunaNnEuia
Fit
TLI (NNFI) Incremental >0.90 >0.95 TLI 91adimngeni $1.0$ #ninEnni1 $0$ ednsiny

Fit Siosondusufial Wunesgiu (Non-Normed)
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A15U5uUselutaa (Model Modification)

o ASUSVUTIRLARFIINTAYINLS 2 1119

(=] o

1. wWHERNeiAe WU UIBI L ULNaRe Yivll ABHNTudpalinsaBUy e KA LD

N u W BuFunsTIndumeind D IFasnumuissanssuatiuayy
2.  anINNIN parameters UDILLUUIMADY
a)  audun e lTdydAnINaafoananLULINEDY

b)  ARUAAIFUUSEENSUDLTUTeIFLYINAY

C)  AMAUAAITUUTLEINSUALTUNIN AT AN L UUD L
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A15UsuUgelutaa (Model Modification)
. AN51¥ Modification Indices (M.1.) Lﬁﬁﬂ%’ﬂﬂgﬂim@a

= wmsaiﬂa?ﬂmwauwus Modification Indices (Group number 1 - Default model)
@ WaA1 M., >4
.\& @ Covariances: (Group number 1 - Default model)
avg_PBC R
/ M.I.Par Change
avg_TRU e e2 <> ed | 91.437 185
e3 <> c4 | 66315 107
3 <> c2 | 71.947 109
avg_ATT
Variances: (Group number 1 - Default model)
.« AnuFuNUSTaInsaUsuUgIULManeld M.LPar Change

1. &1A covariance $¥%I18 error terms

2. annwu direct effect %“”WJNG]’JLL‘U%‘@uu 35fidns Regression Weights: (Group number 1 - Default model)

Sulailasiudiudsan 6] TAsIuEILUTANY baz MLLPar Change
ANMUAUWUSLTULLUD recursive model %15 non— avg_gﬁ <~ avg_ilfs[(T: 3’;’;‘3? f?f;'
. = o o av --- av } }
recursive model Baslpeedn1TAITNILNIMY avg:PBC o a\;:SN i o
155AFTUMRL LA U LN D FTUAUNATANA LAY avg PBC < avg ATT 23551 179
ANUTUNUS ) avg ATT <— avg SN 37.387 133

avg ATT <--- avg PBC 45.232 158
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AN TNAFOUSUNAG 1N ITIVE

HUNAFIU g CR. Sig. HanAsau
H1 el (INT) <- Lanei (ATT) 136" 390 000  aduauu
H2n eawdclatie (INT) <- usavingIuAuTEUTS (SN) 209" 6.05 000 avduayuy
H22 waAk (ATT) <- UsTingIuANTauT1a (SN) 178" 541 000  awduayu
H2m M3fuinmImuauawes (PBC) <- UsTvinguAusaudns (SN) 3890 9.49 000  aduayu
H3n Asslada (INT) <- M3Fu3nseIuAuAULeY (PBC) 5537 1631 000  aiuauu
H3v leAk (ATT) <- M3Fuin1samuaNnues (PBO) 1737 545 000  avduauu
Han WAAR (ATT) <- Awidasiu (TRU) 525" 1501 .000  aviuauy
Hav UssviagIuAUTEUTa (SN) <- PRuBesiu (TRU) 757 1455 000 afuayu
Haa Ms¥uinseauRuaues (PBC) <- Asiesiy (TRU) 207 446 000  awuayu
H5n miBesiu (TRU) <- n1seilafieguanm (HO) 090" 271 007  aduayuy
H5% MssuinismuAsaLLe (PBC) <- nsAnilatsgunw (HCO) 163" 507 000  atiuayu
H5A UTITiagIuAuseuta (SN) <- narmilstsgunin (HO) 1060 291 004 avlusyuy
H54 mwAslate (INT) <- madnilssauam (HC) 084" 331 000 aviuayuy
H6N AmiBesiu (TRU) <- msduiaai (PV) 598" 1694 000  avfuayuy
H6Y WwaAf (ATT) <- MIsuinmean (PY) 107" 340 000 avuayu
Hea Msuimsauauaues (PBO) <- msiujame (PV) 211" 498 000  aduayuy
H7n armidesiu (TRU) <- e iesveswaniog (AVA) 127 369 000 avduayuy
H72 M3FuINMIAIUANAWeY (PBC) <- ANunTasvemaning (AVA)  -119° 350 000  atfuayu

q

2026

Table 2
Maximum Likelihood Estimates of Respecified Model

Unstandardized Standardized Critical

Path cstimate cstimate SE ratio

Pain — interferences 1.299 0.765 0.223 5.826
Coping with pain — interferences —0.041 —10.294 0.010 —4.155
Preinjury psychopathology — stress 20.268 0.386 4.164 4.867
Interferences —> stress 22.520 0.466 4.323 5.210
Coping with pain = support 0.021 0.171 0.010 2.201
Stress — support —0.011 —0.605 0.002 —5.405
Interferences —> catastrophizing 4.766 0.572 0.623 7.652
Interferences — depression 4.726 0.431 0.764 6.187
Support — depression —5.379 —10.426 1.002 —5.308
Stress —» depression T 0.042 0.184 0.018 2.345
Catastrophizing — depression 0.293 0.221 0.072 4.052

S ar

* frdAyn1saianszau 0.01

Note.  All critical ratios had significint results/paths.

Table 3

Squared Multiple Correlations (SMC3N
Variables in the Respecified Model

‘or the Endogenous

Predictor to endogenous variable \ SMC
Interferences 0.672
Stress 0.366
Catastrophizing (0.327
Social and family support (0.423
Depression (L.907

Depression was predicted by

Note.  Catastrophizing is a measured variable. Interferences, stress, social

and family support, and depression are latent variables.

interferences, catastrophizing,
stress, and social and family
support, and 91% of the variance
in depression was accounted for
by those four predictors.
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U 74 w o o -4

ATFRFUNUOWHAMBNN1A9EDY (Squared Multiple Correlation)

sy anEvosBuEnan1nss medou uarlnesau vesiuysiidmanonuiiladernan PGS - ¥ o © °n & -
b ’ it AanFUNUSHYAEAfNANEDY (Squared Multiple

fauwdsmy R answa AVAI PV HC TRU SN PBC ATT . o . o
T [ — ] ] o84 ] 00 555 136 Correlation %38 SMC) uaalANTIUEITFAFIUAN
medow  -001 457 9L 53T 248 024 - wUsUsusasddLUsgnvinslidnsluluudans 4
971l -.001 457 273 537 457 576 136 o v o ) ° Y
MALNLTUAT R2 d1¥suaattdsend (endogenous
ATT 73 198154 - 107 - 525 178 173 - o .
yden 074 482 121 221 067 . . variables) waztdudiginanuuLEags (reliability)
W o o er e b AP Up9AIbUsFLARLR (observed variables) LS
PBC .53 N9H T -119 211 163 207 .389 - - o
oo 063 00 oss 004 _ _ U9 LULAAN1TIA (Measurement model)
o s A s e : o U AdsBasy AVAI PY HC TRU SN and PBC
SN 43 VA - - 106 757 - - - e e, o
edeon 006 a2 oss - _ i _ F11150U52184n15 INT (6 72% (§adueaiu
w096 42 e T - : : WUsUsIUYaY INT anunsaadugldeaudanys
TRU 48 NNATI 127 .598 .090 - - - - @ @ o ° &
oo FUNALADY 72% 199ANULLUSUSIUTNRUA DD
52 127 598 090 - - - - INT

wewme AN R’= .19 Aa seausn, R? = .33 fia seAuuunans, R = .67 A szduaa (Chin, 1998)
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Example of Path Analysis Results in APA Style

A path analysis was conducted to examine the relationships between motivation,
leadership quality, work environment, and job satisfaction using SPSS AMOS. The model fit
indices indicated a good fit: 32 (8) = 901, p = 05; RMR = 240; GFI = 998; AGFI = 992;
CFI= 998. The standardized regression weights revealed significant positive effects of
motivation on leadership quality (8 = 912, p = 001) and work environment (§ = 888 p <
.001), and significant positive effects of both leadership quality (5 = 336, p = .001) and work
environment (f = 338 p < 001) on job satisfaction. The squared multiple correlations
indicated that the model explained 83 2% of the variance in leadership quality, 78 9% 1n
work environment, and 69.6% 1n job satisfaction. These results suggest that motivation plays
a crucial role in enhancing leadership quality and work environment, which 1n turn

significantly contribute to job satisfaction.
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Workshop: Path analysis
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UHEBDHUHATNIILAINSH
e lyUsuAsi Amos graphics ¢ e sess anos 2 i

&) 1BM sPss Statistics 26
1LINTDYAIA SPSS
AMALLHUATNLTUNIG ANATWAIDENY

1
r=]

l& error terms wagszuyn
LADA ||'_|'” (Analysis properties)

Save |&
Run [T

WINTUINANTISILATIEH

i 3/?;3 Unnamed project : Group number 1: Input

Path analsysis 2026

File Edit View Diagram Analyze Tools Plugins Help

—

Group number 1

XX: Default model

Unstandardized estimates

Standardized estimates

Not estimating any user-defined estimand.

avg_SN

avg_PBC

avg_TRU

Path diagram | Syntax

/

avg_INT

ADHIILHNUATWLTUNG
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B < I\é} WEA9ALLUS ob d fvai. 7 X
I m po rt d ata , Variab?esserve Name | Label| #]

DPFVT 1

#®PFV2 2

Title # PFV3 3

IIIII #TRUT 4

H H #®TRU2 5

BATT3 7

. = o v H BATT4 8

2. File Name wdanlWdliaya .sav Analysis — oA :
properties SN 10

3 O K O %E,e # SN2 1
. -0 ®PBC1 12
—_ =0 PPBC2 13

ke = #INT1 14

4, P53 UTDUALN = Run SINT2 15
Y ®INT3 16

®INT4 17

@ FWTP1 18

- Import U ®WTP2 19
Data Files v PHCI 20
BHC2 21

Group Name | File |Van’able| Value| N ®HC3 22
Group number 1 BA603 Data for CFA and SEM sav 526/526 PATTI 23
BDATT2 24

@ AVAIT 25

Naﬂﬂ.s ® AVAI2 26

® AVAI3 27

' AR Pavg PRV 28

#®avg_TRU 29

File Name Working File Help ®avg_ATT 30

#®avg_SN 31

) ) ) P #avg_PBC 32

View Data Grouping Variable Group Value ®avg INT 33

®avg_AVAI 34

OK Cancel ®avg_HC 35

[ Allow non-numerir: data [ Assinn cases tn amnins '
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lcon: Analysis properties
Tab: output

Tab: Estimation I
g?g Analysis Properties ? X

5 X Estimation | Numerical | Bias B tstrap| Permutations' Random #| Title |

is Properties

Estimation | umen’call Bias | Dutputl Bootstrap | Permutations | Random #l Title |

— . .
[¥" Minimization history [v Indirect, direct & total effects
Discrepancy
_ . [ Standardized estimates [ Factor score weights
@ Maximum likelihood [ Estimate means and intercepts | .
" Generalized least squares [ Squared mulfiple correlations [ Covariances of estimates
(" Unweighted least squares [ Emulisrel6
[ Sample moments [ Corelations of estimates
(" Scale-free least squares
(" Asymptotically distribution-free | Chicorrect [ Implied moments [ Critical ratios for differences
[ Allimplied moments [¥" Tests for normality and outliers
For the purpose of computing fit measures with incomplete data:
" [ Residual moments [~ Observed information matrix
{® Fit the saturated and independence models
" Fit the saturated model only [¥" Modification indices [4 _Tr{ljr_eshold for modification
indices
(" Fit neither model
[ D-separation
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File Edit View Diagram

&

0 &

Iy
=2
M

2

OO FEIEC Q1 am

T )

:’g‘g Test1 : Group number 1 : OK: Default model

Rl

OE o
—= [sXN

Al

(=]
ta)

)

Group number 1

Analyze Tools Plugins Help

OK: Default model

ﬁ

avg TRU

Path analsysis

2026

A1 parameters
AsIzALe

Unstandardized estimates

Standardized estimates

Scanning BA603 Data f ~
Reading data
526 cases
Default model
Minimization

Iteration 8
Minimum was achievec
Writing output

Chi-square = 208.5, df
< >

test1

WaAeAT parameters fiseunadanlFuy
WHUAWLTUNTRLATIEATHTU LU DS
unstandardized or standardized

=

AITHLEUBATULTEANS LRI
(standardized regression
weight) WaBHHNIN AulsBasy
Tadanuadauuinaintunig
WYINTNAILLUTAN



Amos output: Notes for model

519A1SHA
A15ALASIZH

f?\, Amos Output

(GENE B E s

=

=-test1.amw
B

H

-

3t Notes for Model

El..
El..

El..

Analysis Summary
Notes for Group
Variable Summary
Parameter Summary
Assessment of normality
Observations farthest from th

Estimates
Modification Indices
Minimization History
Model Fit

Execution Time

2026

Path analsysis

Export NadLAsIEH

- 7 -0 -

O @ v

Notes for Model (Default model)

Computation of degrees of freedom (Default model)

Number of distinct sample moments: 15
Number of distinct parameters to be estimated: 12

a1
1) df > 0 © over-identified model

Degrees of freedom (15 - 12):

3 2) df = 0 © just-identified model

\‘ 3) df < O = under-identified model

Result (Default model)

Minimum was achieved
Chi-square = 208.458
Degrees of freedom = 3

AIANIN non-significance
1
A58 Overall Fit vasluiaa 7dpeseds Ap

/

Probability level = .000

93l @1 Chi-square Hazlunndsiuinunngy

fapgy Laudnaziian Significance
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NanN15UsENIMAT parameters

o HIATT waz INT §anuadunus LAanIam a1 ,
= Non-sig.(p-value > 0.05) Hypothesis test

e H2 SN 1az INT Hauduwus uAan1ag1fw
= Sig. (p-value < 0.01)

Amos output: Estimations

Maximum Likelihood Estimgafes

Regression Weights: (Gpoup number 1 - Default model)

SE. CR___ PLabel

023 32.846 | **

034 17.609 | *** ) P-value
I

avg ATT <--- avg TRU
avg PBC <--- avg TRU
avg SN <--- avg TRU 035  20.155 | ***
avg INT <--- avg PBC 029 19462 | ***
avg INT <--- avg SN 184 028 6546 | _FXE

avg INT < avg TRU  .1Q&—047 2218 | .027
avg INT <-—- avg ATT C071) 042  1.670 | .095

Variances: (Group number 1 - Default model)

Estj . C.R. PLabel
avg_TRU 044 16202 ***
e2 . 027 16202 ***
e 200 012 16202 ***
e4 A51 028 16202 (***

el 188 012 16202  ***
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QU

ArdNUsEANSILLUNIA5S1% (Standardized Coefficient)

o AFUUTEENSFUNMUVAIATFIU (B) 92HA1DYTENI19 -1.0 9 +1.0 lagarfilngd O nunyfedidnsna

1199 LLaza1flng +1.0 §18875wanin A1sEaNINIAUD9dnSnatyuldinasisenis1ess (Uil

©  LATDIRUN: ) o

« @A (+): mammwawﬁmmﬁm (B) vanveBIn AN NTUYDY
IV 3 {UgmsiRuiuuas DV o

« @AY (- ) mamﬂswa‘ﬂﬁmmmu (B) AAaUUNBRIEIIaTIANTN |0.00]| - |0.10| #4pyUNA
PN IANTULD |V mfﬂamia@awa\‘i DV

«  WadAN1eaHia: msmmmﬂmmawﬁwa@wmaﬂwmswmmﬂu
A p- value %39 A1 p -value Lwamwamﬁswa%maum\mum |0.30] - |0.50| YJrunang
usmﬂmm\‘iaamma@ (LU p < O 05 %59 t > 1.96 d1%suUn1S
maauammﬁ) M ifidedAsy AldaansaasUdndwals wilien
p %aﬂﬂmm

. mslSaufipy: Lua%ﬂﬂLﬁ%@’l%f@@’]ﬂﬂ’]iﬂiﬂﬂ’]@li%’mLLa'J
Mean=0, SD=1) ¥hl#aansaliflums Wisuifisunuinsnswa
UBQ@?LL?JSB?T?WG]’N o MeluluaatigInule

ﬁiﬂé’uﬂszﬁﬂémmgw (B) pu1ndNSNWa (Effect Size)
|0.10] - |0.30| 1D

10.50| Fulal 110
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Amos Output: Estimations

A\ Amos Output DNBEWANIIASY LALDNEWANIND DN
SNEB&Fs -7 -0 -] T 0 )
E%st‘l.amw EEENs -~ Matrices (Group number 1 - Default model)

E Analysis Summary Estimates (Group number 1 - Default model)

--Notes for Group

9 Variable Summary Total Effects (Group number 1 - Default model)
“parameter summay - Seglar Estimates (Group number 1 - Default model)  gq119)5617134

--Assessment of normality
--Observations farthest fro
- Notes for Model

- Estimates

B Modification Indices
--Minimization History

& Model Fit Regression Weights: (Group number 1 - Default model)

--Execution Time

ve_TRUavg_SNavg PBC avg_ATT\\,
avg_SN 701 .000 .000 .000 (;Q]J'g LL‘U?@?]JN
avg_PBC 602 .000 .000 .000
avg_ ATT 762 .000 .000 .000
avg_INT 624 184 558 071

Maximum Likelihood Estimates

Estimate S.E. C.R. PLabel

avg ATT <-- avg TRU 762 023 32.846 *** Direct Effects (Group number 1 - Default model)
avg PBC < avg TRU 602 .034 17.609 ***
vg SN <--—- avg TRU 701 .035 20.155  ¥¥% ave TRUave SNave PBCave ATT
NaN1FUIZHEN %;ivg_INT <--- avg PBC 558 029 19462  *¥* avg SN gf701 %‘00 g_.ooo g_.ooo
; avg INT <--- avg SN 184 028 6.546  wEE PBC 602 000 000 000
“"p parameters avg INT < avg TRU 105 047 2218 027 ::g: oril 762 000 000 000
@’)ﬁl;ﬂl a;u m(tj,lm avg INT <--- avg ATT 071 042 1.670 .095 avg INT 105 184 558 071
IKelnoo
. . Variances: (Group number 1 - DefaJllt model .
estimation ( P ) Indirect Effects (Group number 1 - Default model)
Estimate S.E. C.R. PLabel
an_TRU 709 044 16.202 EX 4 an_TRU an_SN an_PBC an_ATT
2 435 027 16202 #++ | | B avg_SN 000 .000 000 .000
—_— €3 200 012 16202 *** avg PBC  .000 .000 .000 .000
ed 451 028 16202 *** RISIERIN RN avg_ATT ~ .000  .000 .000 .000
el 188 012 16202 *xx avg INT 519 .000 .000 .000
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Estimates of standardized regression weights

Estimate
avg SN <--- avg TRU .660
avg PBC <--- avg TRU 609
ave ATT <--- ave TRU 820

avg INT <--- avg TRU 112
avg INT <--- avg SN 210 e A . o
avg INT < avg PBC 590 [~ PBC sanswasamsidaguulas
ave INT <-— ave ATT 070 199 INT 3nAnge
avg_TRU
ﬁhﬁuﬂszﬁwémmgw B vuIABNSNa (Effect
Size)
|0.00| - |0.10]| %N
10.10] - ]0.30] uaH LRHATWLEUNIN LagAITHYSEAaNSUNATFIH
|0.30] - |0.50]| Yrunans

10.50] Tlal 110
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Total effects, Direct effects and Indirect effects

Standardized Total Effects Total Effects = Direct Effects + Indirect Effects

avg TRUavg ATTavg PBCavg SN

avg ATT 820 000  .000 .000 TETRU = DETRU+ |ETRU &
avg PBC 609 000  .000 .000 ? N
avg SN 660 .000  .000 .000 _
avg INT 670 070 592 210 112+ .557 . "+ 5
=.670 / i = ovg INT
Standardized Direct effects S =
-
avg TRUavg ATTavg PBCavg SN g
avg ATT 820 .000  .000 .000  Tgfpyaupem15719 Directs effects Auaeumn Indirect effects I8 e
avg PBC 609 000  .000 000 =
avg SN 660 000  .000 000
avg INT 112 070 592 210
Standardized Indirect effects Indirect Effect = (TRU  SN) x (SN INT) + (TRU . PBC) x (PBC _INT) + (TRU _ ATT) x (ATT _ INT)

avg_TRUavg ATTavg PBCavg SN

avg ATT .000
avg_PBC .000
avg_SN )
avg INT

.000 .000
.000 .000

000 = (.660) x (.210) + (.609) x (.592) + (.820) x (.070)

.000
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Model fit

Model Fit Summary
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CMIN

Model NP. CMIN DF PCMIN/DF

Default model 12208458 3 .000  69.486

Saturated model 15 {006 o

Independence model 5 2003.082 10 .000 200.308

ABHINANUTDAARDY

RMR, GFI 8 o w -
ﬂﬂllﬂﬂul:if\‘lﬂll']ajlim

Model RMR GFI AGFI PGFI (Absolute fit index)

Default model 073 851 255 .170

Saturated model .000 1.000
Independence model .393 340 011 227

Baseline Comparisons

NFI RFI I

Model Deltal rhol Delta2
Default model 896 653 .897
Saturated model 1.000 1.000

Independence model .000 .000 .000 .000 .000

ABRAIMUNANAFRLUULANLAN (Incremental fit index)
159 ABHANUNANNAULTNLUSYULNYY (Comparative Fit Index)

Parsimony-Adjusted Measures

Model PRATIO PNFI PCFI
Default model 300 269 269
Saturated model 000 .000 .000

Independence model 1.000 .000 .000

NCP

Model NCP L.O 90 HI 90
Default model 205.458 161.779  256.548
Saturated model .000 .000 .000

Independence model 1993.082 1849.652 2143.852

FMIN ABRIAAINUAAUAAULES
Usgngin

Model FMIN FO 1LO9 HI9%0

Default model 397 391 308 489

Saturated model .000 .000 2000 .000

Independence model 3.815 3.796 3.523 4.084

RMSEA

Model 8 90 HI 90PCLOSE

Default model 0 .404 .000

Independence model . 594 639 .000

AIC a o
VS ULNYY

Model BCC BI CAIC LUUINADY

Default model 32.458 232.735 283.641 5.641 S 00”7 .4

Saturated model 3 108.980 ENUHDEHHNA

Independence model 2013.082 2013.198 2034.409 2039.409
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Output: Modification Indices

{?‘g Amos Output

REVESRH:s -7 -0 -FTLONEs € 20 2 o

= tostl amm ﬂmsmﬂmﬂmmamwuﬁ covariance
% Analysis Summary Modification Indices (Group number 1 - Default model) , e
[]--VariabIeSummF;ry ‘ﬁ‘g‘ﬁ'}]’]\‘] error termS @in]ﬂr] Ml >4 I@E’
jjf\zfers“j;“j;j‘é’;‘;";xaw Covariances: (Group number 1 - Default model) . T i .

Obsenvations farthest o FonandA1 M. innfiganau lagain

il Modification Indices| €2 <> 4| 91437 = ANUANUNESYAZA LLaIWANTELI1A1 model
~Minimization History e3 <> ed | 66315 107 . > |
T Exocuton Tins €3 <> €2 7147 109 fit 3BT UAUDTITLAUNAUILFUH5D (4

Variances: (Group number 1 - Default model)

M.I.Par Change

Regression Weights: (Group number 1 - Default model)

ML.I.Par Change
avg SN <--- avg PBC 57.485 267
avg SN <--- avg ATT 21.707 175
avg PBC <--- avg SN 51.550 231
avg PBC <--- avg ATT 23.551 179
avg ATT <--- avg SN 37.387 133
avg ATT <--- avg PBC 45.232 158
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Computation of degrees of freedom

LYK a1A e
covariance

LRI avg_SN
e2 Lag e4

\ o
N
)
<
-
0
o
@]
I

avg_TRU avg_INT

avg ATT

AIC ﬁauﬁ%’uﬁgﬁ

Model AIC BCC BIC CAIC
Default model 232458  232.735  283.641  295.641
Saturated model 30.000 30.347 93.980 108.980

Independence model 2013.082 2013.198 2034.409 2039.409

AIC & BIC

< amav ;

AIC %a9d5u59

Model AIC BCC BIC CAIC
Default model 133.993 134.293 189.442  202.442
Saturated model 30.000 30.347 93.980 108.980

Independence model 2013.082 2013.198 2034.409 2039.409

ABNUSVUF

Number of distinct sample moments: 15
Number of distinct parameters to be estimated: 12
Degrees of freedom (15-12): 3

Result (Default model)

Minimum was achieved
Chi-square = 208.458

Degrees of freedom =3
Probability level = .000

Model Fit Summary . =1
Model fit 1ags9H AT

CMIN

Model NPAR CMIN DF  PCMIN/DF

Default model 12 208458 3 000  69.486

Saturated model 15 2000 0

Independence model 5 2003.082 10 .000 200.308

RMR, GFI

Model RMR  GFI AGFI PGFI
Default model 073 851 255 170
Saturated model .000 1.000

Independence model 393 340 .011 .227

Baseline Comparisons

NFI RFI IFI TLI

Model Deltal rhol Delta2 rho2  CY1
Default model 896  .653 897 656 .897
Saturated model 1.000 1.000 1.000

Independence model .000 .000 .000 .000 .000

Path analsysis 2026

Navlsuyge
Computation of degrees of freedom

Number of distinct sample moments: 15
Number of distinct parameters to be estimated: 13
Degrees of freedom (15-13): 2

Result (Default model)

Minimum was achieved
Chi-square = 107.993

Degrees of freedom = 2
Probability level = .000

Model Fit Summary

CMIN

Model NPAR CMIN DF PCMIN/DF
Default model 13 107.993 2 .000 53.996
Saturated model 15 .000 0

Independence model 5 2003.082 10 .000 200.308

RMR, GFI

Model RMR  GFI AGFI PGFI
Default model 045 931 481 124
Saturated model .000 1.000

Independence model 393 340 011 227

Baseline Comparisons

NFI RFI IFI TLI

Model Deltal rhol Delta2 rho2  CII
Default model 046 730 947 734 047
Saturated model 1.000 1.000 1.000

Independence model .000 .000  .000 .000  .000
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Mediation analysis




R R RRRRRRRRRRERRRRRRRRRRRRREEY

Path analsysis 2026

lutaan1savsIuBnSWaLUUaNYSH]

(complete mediation or perfect mediation)

X ganan19say (indirect effect) @8 Y [Auiniiu 1oy
X azasnan1ense (direct effect) [Uge Med AauLLAR
Med F9azdadnsnaniensesalUge Y

X —a%*, Med —P, vy

a AP DVNBWANINGTIUDY X ﬁa\‘i@ia Med

b A9 awﬁwam\‘im\‘ma\‘i Med figesia Y

Cc Ap BnSwaTruA (total effect) 199 X fistasip
Y inlaliid iy saeeinu (Med) HFAE

¢’ Ap BNSWANIATILRY X AiFes Y LpAIUAN
NSNaVDY Med aimwuuﬂammm\iaam

A1593LAT1ERALUTFEINIU (Mediation Analysis)

MAAIUANBNEWATIMed [Tavinld X [Uaunsass
3INSwasa Y @ na1ade X Wigdanudunuslayaseny Y

C*:‘:
X » Y
Med e
a_ \\
C’ns
X » Y
AN BNSWAN19DDUDRY X fidemaY = a x b = nas1auas
DNEWANIRUANVDINEWANINATY (C — ) ¥pe X fidesin Y
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TULAANISEININDINTIN

(Partial mediation) g o - o
ATEUVINITRTINFDUDVIDOWAN IR TINAN X N

e e e e W . $19 Med LLazn1saedndnani1eeseann X 1isaY wu
o X J9BNENacD Med Y NIUYFIAYNINFRG (a)

[+ 24

Lar Med d99118wasia Y anagusigensdtyddey UYFIAEUNINFEE (a AT C') LLEINANITHTIF

X

neEae (o) ?Wwﬁﬂgﬂu X HVIDWAT PN ADUBNEWAN19RTIUD Med Adesia Y lwuqing
UNAIUNGWD Y dY1NUUYFNRUFRE (C) o L 3 .
UYFNREUNINTEE (D) aNWaUSLYUULIYAIN (sidinns

KA ISR N[ IS T AR ST Y K T g N AT

- Med . nsaLdunrslidenr1udnsna (no mediation) nsell
S FIFINIRYNAREN LD U gedILLUSAUD AGIr T Ty
% o
X ¢ > Y STUAINY VU
a:’::’c Med bns
ALY DYSWATINBUADDY X N1a9618 Y = DNSWaN19904u
(a x b) + andwan1emse (c) Cr
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ANSASIVFDUDNSWATINIUAYTUAISOAOD Y

ffuf  aun1sanany NAS2Y
1 Y=puy +cX+¢ NABNENANINASITInNALEY X AfiAD Y C » Sig
AD A1 C
2 Med = uy + aX + €, NaDVEWaNINASIUDY X Nileid Med A9 a » sig
A1 a
3 Y=us;+c'X+bMed + € . waamswamwswmaaawm X « C ®non sig ® complete mediation
H6ip Y LﬁJBﬂ’JUﬂﬁJB‘Y]SWﬂUB\‘lWJLLﬂ’i « (C < C and sig ® partial mediation
Med Wifidnas? @p @1 ¢  a = non sig ®»no mediation

«  WadnSwaniemseuns Med NHea Y b » non sig ®no mediation

]
U /=

LﬁJBﬂ’J‘UﬂﬂJB‘YISWﬂHB\‘l X MAfia1aeh
A A1 b

PUNLLHAE: ANTIATIZH LULAATUATEATIAS1NE LT tElUs AT 13 LISREL AMOS MPLUS (& FelAsumuiioy
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